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» Inventory under uncertainty
often relies on intuition ,‘"' E &

+ Algorithms (RO vs. SO) can =i
improve outcomes '

« Human response to
recommendations is unclear

Platform: Online experiment in oTree
Task: Ice bag ordering game with weekly

You are the supermarket manager who must order ice bags for the coming week. Demand changes from week

Trea'rmen"'s: Con'rrtol (no r\ec.)' RO r\ec.' SO r\ec. to week. In hot weeks, customers buy more ice and demand can become very high.
Data: 12 vs. 60 weeks of demand history 2R RN o0 e ()

Cost structures: High-margin, Low-margin, High

. Ice Bag Ordering Game

Who are you?

penalty

Phase 1 — Round 5/10

Treatm
ent

? Phase & Round Information
This shows which phase you're in and your progress through the rounds. Each phase has 10 rounds.

Recom. Data window Cost Profile

[ Agent 1 suggests: Order 75 units.

12 or 60 Varied (Higl:\-margin, - =
LOW - ma r'g l n P H lgh | & Agent Recommendations (Treatment group only)

= \,

Control None
weeks

p en al-'-y) When available, you'll see suggestions from Al agents. This appears as a green box with the

recommended order quantity. You can follow, ignore, or use it as guidance!
Robust Varied (High-margin,
. .. 12 or 60 : :
RO | Optimizatio weeks Low-margin, High

n penal'fY) Lost-sales penalty (k): 12 ECU per unit of unmet demand (applies when demand (D) > order

Stochastic 12 or 60 Varied (Hl gh-mar‘gin, quantity(Q))
SO |Optimizatio Low-margin, High
weeks

n penalty)

Sales price (p): 15 ECU per unit
Buying cost (c): 8 ECU per unit

€ Economic Parameters

These numbers determine your profit calculation:

= Sales price: Revenue per unit sold

* Buying cost: What you pay for each unit ordered

+ Penalty: Cost for each unit of unmet demand (stockouts)
Higher penalties suggest ordering more to avoid stockouts!

 Behavioral insight: how humans trust and use
algorithmic advice
* Practical guidance: designing decision-support

Historical weekly demand (last 5 years )

Table 1. The historical weekly demand data ‘
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Figure 1. Historical weekly demand
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